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THE CONCEPT OF 

15-MINUTES CITY

A city model aimed at 

reducing transport 

emissions and 

enhancing community 

life by ensuring that 

essential services are 

within a 15-minute 

walk from home.



CASE STUDY



PURPOSE OF THE 

STUDY

Investigating how urban 

design, access to 

amenities, and human 

mobility data contribute 

to the realization of the 

15-minute city.

DATA SOURCE

Mobile device GPS data 

from SafeGraph by 

more than 40 million 

mobile phone users

Retrieved from: Abbiasov, T., Heine, C., Sabouri, S., Salazar-Miranda, A., Santi, P., Glaeser, E., & Ratti, C. (2024). The 15-minute city quantified using human mobility data. Nature Human Behaviour, 8(3), 445-455.



MEASUREMENT & 

PRINCIPLE

Urban areas naturally evolve toward 

spatially optimized configurations 

that minimize travel distances while 

maximizing access to essential 

services.
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FINDINGS

▪ Only 14% of daily trips are 

local for the median US 

resident, with regional 

disparities.

▪ Low-income residents might 

be more receptive to local 

living policies and 

interventions.
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▪ Local living is determined by access to local amenities.

▪ Local trip patterns strongly influenced by amenities nearby.
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▪ Local zoning regulations shape the level of access to nearby amenities and more flexible local 

zoning could be a natural policy lever for those advocates interested in increasing local trips.
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▪ Positive Impact: Increased local accessibility contributes to better health, sustainability, and community life.

▪ Negative Impact: Without careful policy, the 15-minute city model may intensify social isolation in census groups. 
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Deep learning-based models can integrate multiple types of data sources (e.g., traffic, geographic, 

demographic, and social media) to optimize urban mobility.

DATA INTEGRATION
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DEEP LEARNING METHODOLOGIES:

▪ Feature-based Fusion: Combining different data 

features (e.g., traffic flow and POIs) to create 

comprehensive urban mobility profiles.

▪ Alignment-based Fusion: Aligning data across 

modalities, such as aligning visual data from street-view 

images with social media text to understand mobility 

behavior.

▪ Contrast-based Fusion: Enhancing feature 

discriminability to identify underutilized amenities or 

high-demand areas.

▪ Generation-based Fusion: Encompassing mask 

modeling, diffusion, and LLM-enhanced techniques, for 

simulating diverse scenarios.
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TECHNOLOGICAL INSIGHTS: FUTURE INNOVATIONS



SPILLOVER EFFECTS AND 

REGIONAL DEPENDENCIES

Businesses in these key areas act as 

anchors for economic activity across 

the region.

CROSS-BOUNDARY 

ECONOMIC INFLUENCE

Business activity in Hong Kong and 

its boundary regions is tightly linked 

with cross-border commerce and 

economic shifts.



TAKEAWAYS

Need for Careful integration of 

mobility data, policy, and 

technology to ensure that Local Living becomes a Viable and 

Beneficial Reality for All urban 

residents.
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